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“Product development is a 
risky business. If you don’t 
evolve your product quickly 
enough, competitors will 
outrun you.” 1

1 Risk-Aware Product Decisions in A/B Tests with Multiple Metrics, Spotify R&D Blog



A/B test runtime is a problem for our 
iteration speed
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In the literature we found a promising 
approach



Interleaving enables us to collect 
meaningful feedback within 48 hours
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In a classic A/B test users either see 
ranking A or B
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With interleaving both rankers are presented 
to the same user simultaneously
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With interleaving both rankers are presented 
to the same user simultaneously
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Interleaving is much more sensitive in 
detecting effects
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Products are placed on the list following a 
specific logic

RESULTING LIST

A

B



Products are placed on the list following a 
specific logic

RESULTING LIST

A

B



Products are placed on the list following a 
specific logic

RESULTING LIST

A

B



Products are placed on the list following a 
specific logic

RESULTING LIST

A

B



Bias #1: The ranker that starts has an 
advantage

RANKER A STARTING RANKER B STARTING



We distribute the advantage evenly among 
rankers

RANKER A STARTING RANKER B STARTING

50% 50%



Bias #2: Ranker similarity can lead to an 
imbalanced list
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In the evaluation of ranker preference we 
account for imbalanced lists

CREDIT = WINS * VISIBILITY RATIO

CREDIT RANKER A = 1 *       = 6  
6
1

CREDIT RANKER B = 2 *       = 2,4  
6
5



With a two phase procedure we speed up 
our iteration cycles



Within 8 weeks we developed a successful 
deep learning ranking model 
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We still see potential for improvements

UNITS 0.47
ADD
FOR
LATER 0.68 ORDERS 0.60

CORRELATION OF INTERLEAVING AND A/B TEST RESULTS



Hypothesis: using position differences will 
improve the correlation
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Interleaving relates to A/B testing as penalty 
shootout relates to a football match

A/B TEST INTERLEAVING



The player by itself decides the outcome

Interleaving relates to A/B testing as penalty 
shootout relates to a football match

The score doesn‘t represent the „classic“ outcome

More efficient to get results

Classic match is still closer to reality

A/B TEST INTERLEAVING
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Big shoutout to Andreas Wagenmann

Freelance Senior Data Scientist 
& ML / Data / Search Engineer
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