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Leveraging user behavioral data to create 
effective filter suggestions

The chief cost of search is not 
monetary but time.​

George J. Stigler
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Digitec Galaxus

Leveraging user behavioral data to create effective filter suggestions

Dutch, English, Italian, 

French, German

7 Countries
Austria, Belgium, Italy, 

France, Germany, 

Netherland, Switzerland

200 Million Searches
in 2022

5 Languages Over 1 Million Searches

on Black Friday (2022)

CHF 2.4 billion
revenue in 2022

Search volume and filter usage is 
calculated for the year 2022
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Two teams, one Mission 🎯

Leveraging user behavioral data to create effective filter suggestions
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Motivation for filter suggestions

Leveraging user behavioral data to create effective filter suggestions
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We show up to five Quick filters
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The Quick Filters Journey
Evaluation, iteration, and monitoring are essential

Leveraging user behavioral data to create effective filter suggestions

New Signals
Include popularity, new trends, 
seasonality to the model

Minimum Viable 

Product
Leverage behavioral data to 
create Quick filters

Edge cases
Discover edge cases, 
and fix them

Iteratively 

refine solution
Optimize MVP-Model 
leveraging A/B test 
insights

Expansion
Display Quick filter in 
product type and search 
pages
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Minimum viable Quick filters
Calculate relevant filter options using behavioral data

Most popular Filter

Most popular options

Very simple model
- Most popular options from the

most popular filter
- Not all types of filters are 
considered

Quick and dirty
 - Hardcoded options
 - Simple UI
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AB Testing the MVP
Most popular options from the most popular filter

Drop in the standard filters usage

Compensated by 7% CTR in the Quick Filters

No clear winner in Click-through-
rate on search results

Digitec.ch

Control

Treatment

72%

28%

Galaxus.ch

Control

Treatment

6%

94%

Probability of Winning Probability of Winning
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The Quick Filters Journey
Evaluation, iteration, and monitoring are essential

Leveraging user behavioral data to create effective filter suggestions

New Signals
Include popularity, new trends, 
seasonality to the model

Minimum Viable 

Product
Leverage behavioral data to 
create Quick filters

Edge cases
Discover edge cases, 
and fix them

Iteratively 

refine solution
Optimize MVP-Model 
leveraging A/B test 
insights

Expansion
Display Quick filter in 
product type and search 
pages
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2nd model - most popular options
Higher quality solution

More complex model
- Most popular options

(regardless of the filter)

Not so quick and dirty
 - Options are re-calculated daily 
(not hardcoded)
 - Improved UI
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AB Testing the 2nd model
most popular filter options

Similar user behavior as with the MVP ->  Drop in the standard filters
usage compensated by increased CTR in the Quick Filters

Significant increase in Click-
through-rate on search results 
on both portals 

Probability of Winning Probability of Winning

Control

Treatment

0%

100%

Galaxus.ch

Control

Treatment

2%

98%

Digitec.ch
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The Quick Filters Journey
Make Quick filters swiftly adapt to hot trends and seasonality

Leveraging user behavioral data to create effective filter suggestions

New Signals
Include popularity, new trends, 
seasonality to the model

Minimum Viable 

Product
Leverage behavioral data to 
create Quick filters

Edge cases
Discover edge cases, 
and fix them

Iteratively 

refine solution
Optimize MVP-Model 
leveraging A/B test 
insights

Expansion
Display Quick filter in 
producttype and search 
pages



Example:

Filter option A has 5 clicks from yesterday and 
10 clicks from last year.

Filter option B has 12 clicks from yesterday.

Popularity Score A = 5 • 1 + 10 • 0.5 = 10

Popularity Score B = 12 • 1 = 12
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Not all clicks are alike
Weight clicks based on recency

C
lic

k 
W

ei
gh

t

Days elapsed since time of click

Popularity
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Not all clicks are alike
Weight distributions for trends and seasonality

C
lic

k 
W

ei
gh

t

Days elapsed since time of click

Trends Seasonality

C
lic

k 
W

ei
gh

t

Days elapsed since time of click
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Not all clicks are alike
Combining different signals into one score

Trends SeasonalityFinal Score Popularity
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Understanding the model

pocket umbrella

Popularity  Trend     Seasonality

parasol

Popularity  Trend     Seasonality
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Learnings and pitfalls

• Click data can be elevated by assigning weights

• A simple model is explainable

• No A/B-Test

• Deployed UX changes affecting quick filters at the same time.

• Released shortly before Christmas season

➢Now we cannot tell what caused the effect.
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Rounding off the journey
Monitoring and fixing edge cases

Leveraging user behavioral data to create effective filter suggestions

New Signals
Include popularity, new trends, 
seasonality to the model

Minimum Viable 

Product
Leverage behavioral data to 
create Quick filters

Monitoring & 

Edge cases
Discover edge cases and 
fix them

Iteratively 

refine solution
Optimize MVP-Model 
leveraging A/B test 
insights



We are hiring!
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Question time!

galaxus.ch/en/joboffer

https://www.galaxus.ch/en/joboffer

	Standardabschnitt
	Slide 1: Leveraging user behavioral data to create effective filter suggestions
	Slide 2: Digitec Galaxus 
	Slide 3: Two teams, one Mission 🎯 
	Slide 4: Motivation for filter suggestions 
	Slide 5: We show up to five Quick filters 
	Slide 6: The Quick Filters Journey Evaluation, iteration, and monitoring are essential  
	Slide 7: Minimum viable Quick filters Calculate relevant filter options using behavioral data
	Slide 8: AB Testing the MVP Most popular options from the most popular filter  
	Slide 9: The Quick Filters Journey Evaluation, iteration, and monitoring are essential  
	Slide 10: 2nd model - most popular options Higher quality solution
	Slide 11: AB Testing the 2nd model most popular filter options
	Slide 12: The Quick Filters Journey Make Quick filters swiftly adapt to hot trends and seasonality
	Slide 13: Not all clicks are alike Weight clicks based on recency
	Slide 14: Not all clicks are alike Weight distributions for trends and seasonality 
	Slide 15: Not all clicks are alike Combining different signals into one score 
	Slide 16: Understanding the model 
	Slide 17: Learnings and pitfalls 
	Slide 18: Rounding off the journey Monitoring and fixing edge cases
	Slide 19: Question time!


