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People are the
Magic Ingredient!

Sebastian leading the conversation at
yesterday's E-commerce Search for
Product Managers class




Self-fulfillment

needs

Psychological

needs
Generally Relevant:

good percieved relevance, ranking results
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KPls analytics piug etc) data
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o Occasional testing / relevance Ul supports Taxonomies /
Practitioner . . . complex . o . data
reporting basic config; uses . findability Ontologies :
. . experiments complexity
analytics plugins
Business No query Stock or WSS EEEIEn Minor .
. . manually, 10 search . Very simple
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. . deployed links on page data model
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Maturity Model Lays
out where you are,
now do we have the
team to get there?
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Trying to Learn to Rank before they can

WEILY

A 8 c

Infra YES, WE HAVE Michael
A TEAM

‘Marketing MAYBE?

'Engineering YES

'Product YES

‘Designer YES

Data Science (Quantatative) VOID
'User Research (Qualitative) VOID
Data Maven VOID
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“App and Ops Focused” Team Starting to

Think about Relevance

A

Search Product Manager

Search Architect
Solr Ops

Site Reliability
Relevance Engineer
Software Engineer
Performance Testing
UX Design

Support

8 c D £ F G
Alice VOID

Bob Carol

OPS

Dan OPS

VOID

Carol

Off Shore Team

Jon Alice

OPS Red Team: Bob Carol Bob
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“Search is a Team Sport”
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